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Abstract

We find that even though survivors of the Chinese famine are as tall as the
rest of the Chinese population, the famine did retard growth and have a long term
stunting effect. Since taller children are more likely to survive famine, we argue
that the apparent lack of observable stunting is an artefact of selection effects. We
propose a novel method for isolating the stunting effect, using the height of the
second generation to control for possible selection effects. Utilizing data from the
China Nutrition and Health Survey, we successfully estimate the stunting effect for
survivors of the 1959–1961 Chinese famine. Once genetic predisposition is controlled
for, rural females are estimated to be between 1 and 1.5cm shorter and rural males
between 0.5 and 1.3cm.
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1 Introduction

People exposed to severe famine during childhood may grow up to be shorter adults.

On the other hand, shorter children are less likely to survive the famine (Bairagi and

Chowdhury, 1994; Fawzi et al., 1997), leading survivors to be “genetically” taller on aver-

age. This creates two offsetting effects, the stunting and selection effects. The surviving

populations may be taller or shorter depending on the relative size of these two effects.

It is well established that in both developed and developing countries, height and

wages are positively correlated.1 For example, Strauss and Thomas (1998), using data

from Brazil, find that taller people earn more. Schultz (2001) finds for a sample of Ghana-

ians that an increment of 1cm in height is associated with a 6 to 8 percent increase in

wages. Famine, if it permanently retards the physical development of survivors, may

therefore have important long-term consequences for economic growth by reducing pro-

ductivity. However, the impact of famine on productivity is not well understood. There

are no studies of the relative importance of stunting and selection in determining either

the height of a population or its productivity. Schultz (2001, p26) points out the impor-

tance of disentangling the stunting and selection effects of famine but argues that “there

is insufficient time-series evidence on mortality and health series indicators to know un-

der what conditions one empirical force (i.e. stunting or selection by mortality) would

dominate”.

Isolating the stunting effect from selection is also important because of the increasing

use of anthropometric measures by economists. In situations where direct measures of

economic conditions are unavailable or unreliable, such as in a historical or developing

country setting, height is thought to be a good indirect measure of the material condi-

tions that prevailed during childhood (Fogel et al., 1982; Fogel, 1994; Steckel, 1995; Mick-

lewright and Ismail, 2001). If shorter people experience greater mortality rates, and if

1See Strauss and Thomas (1998) for a survey of some of the empirical evidence of this correlation.
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this selection outweighs stunting, then recurrent famines create taller populations—which

may be mistakenly interpreted as evidence of an improvement in economic conditions.

Our concern that survivor-bias may confound the correlation between height and eco-

nomic welfare is not new. Friedman (1982, p502), using data on slave mortality, observed

that shorter slaves experienced higher mortality rates and concluded that “it is necessary

to standardize for mortality differences before comparing the mean height of groups with

substantially different mortality experiences”. This suggests that the remarkable catch-

up in slave height observed by Steckel (1986) may have been biased by excessive deaths

of short slaves.

Stunting is referred to in the biological literature as “incomplete catch-up” (Tanner,

1986). The concept of complete catch-up postulates that if children suffer a nutritional

shock, once normal diet is resumed, their growth rate increases so that their attained final

height may not differ from their height in the absence of the shock. The completeness of

catch-up depends on the duration of privation and the age at which it occurred. While

incomplete catch-up has been observed in small samples (Krueger, 1969), there is no study

to date of the long-term stunting effects following a widespread famine. Hoddinott and

Kinsey (2001) do find evidence of incomplete catch-up in a sample rural Zimbabweans

following drought. However, since they only follow drought affected children to age three

years and not to full adulthood they do not provide evidence of long-term stunting.

In this paper we devise a powerful econometric strategy for isolating the stunting

effect of famine from the selection effect. The novelty of our approach is two-fold. First,

we use children of famine and non-famine cohorts to control for the selection effect. The

idea is simple: if famine survivors are taller due to genetic selection, then so too will be

their children, who inherit their parents’ genes. Second, we rely on the height of famine

survivors and their children observed long after the famine, and not on data collected

during the famine. Our approach can therefore be replicated for other countries where
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data are only available many years after the population experienced famine.

We implement our approach on data gathered between 1989 and 1997 to gain a novel

insight into the long term consequences of one of the greatest human catastrophes of the

twentieth century: the Great Chinese Famine of 1959–1961. We find that the average

height of people who went through the famine as children is the same as the average

height of the control group, but that the former have taller children than the latter. This

suggests the possibility that famine-induced stunting is being masked by an offsetting

selection effect. Controlling for selection, we estimate that famine survivors in rural

areas are stunted by about one centimeter on average. We believe that this is the first

attempt in the literature to estimate the impact of the Great Chinese Famine on height.

This paper is set out as follows. Section 2 discusses some of the details of the Chinese

famine and Section 3 describes the data. In Section 4 we conduct some preliminary

analysis. In Section 5 we outline the formal model and our estimation strategies. The

results are discussed in Section 6, and Section 7 concludes the paper.

2 The Great Chinese Famine

The Great Chinese Famine started in 1959 and ended in 1961 and was associated with a

reduction in grain output (Yao, 1999; Smil, 1999). In 1958, the start of the Great Leap

Forward and the collectivization of agricultural production disrupted the normal agricul-

ture production, which coupled with a natural drought caused a fall in grain production

in 1959. However, it is generally accepted that decline in food availability alone did not

cause the estimated 20 to 30 million excessive deaths between 1958 and 1961.

Overzealous officials, keen to make a good impression about the success of collectiviza-

tion, exaggerated grain production. The central planners therefore mistakenly believing

there to be adequate grain supplies, exported rice, continued the wasteful practice of free
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grain and consumption in communal dining halls (Yang and Su, 1998), and acquired large

amounts of grain for urban populations (Johnson, 1998; Lin and Yang, 2000). Widespread

famine in the rural areas quickly followed.

At an aggregate level, the famine had two major consequences: an increase in mor-

tality and a reduction in fertility. Although the famine lasted only a short time, the

annual mortality rate peaked at 28 per 1,000 in the rural areas, more than doubling the

rate recorded in the pre-famine years (Lin and Yang, 1998). Between 1957 and 1960,

death rates increased from 10.08 to 25.43 per 1,000 and the birth rate during the same

period fell from 34 to 21 per 1,000. From the perspective of excessive deaths, the famine

outstrips any others on record.2

During the 1950s, China was a mainly rural population, with 85 percent of the total

population classified as rural dwellers. As Lin and Yang (2000) point out, even though

farmers produced grain products, the centralized distribution and the urban-biased devel-

opment strategy implied that when food was limited the rural population had to sacrifice

their consumption. While both urban and rural populations experienced an increase in

their mortality rate during the famine years, the urban death rate in 1960 was 1.6 times

the pre-famine rate, while the rural rate over the same time period rose by a factor of

2.6.

Coale and Banister (1994) use data from four censuses that were held between 1953

to 1990 as well as retrospective fertility surveys conducted in 1982 and 1988 to study

the cohort-specific mortality rates. They find that for all cohorts born between 1936 and

1984, there appears to be excessive female deaths, but that this discrepancy declined over

the period. However, this decline was interrupted for cohorts who were children during

the 1950s. For these cohorts, they calculate that girls were around 7 percent more likely

to die than boys. They attribute this to a general neglect of female health during the

2However, the actual death rate during the Irish famine of 1845–1849 and the Bengali famine of 1943
were higher (O’Rourke, 1994).
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famine, reflecting a cultural bias towards boys. They suggest that girls bore the brunt of

the excessive deaths caused by the famine.

Why the famine ended is still not certain. Johnson (1998) argues that it was associ-

ated with a wide-array of policy changes including the abolition of communal kitchens,

importation of grain, and a reduction in the urban appropriation of grain. Land was

returned to peasant control, and collectivization scaled back (Yang and Su, 1998).

3 Data

The data used in this study are from the China Health and Nutrition Survey (CHNS)

conducted by the Carolina Population Center at University of North Carolina at Chapel

Hill. The CHNS is a panel survey which was conducted in 1989, 1991, 1993 and 1997.

The CHNS contains rich information including individual and household demographic

and economic characteristics, health and nutrition status, living environment, and com-

munity characteristics. In addition, the survey also included a physical examination of

all members of each household by medical specialists with regard to height, weight, blood

pressure, etc.3

The survey population is drawn from the provinces of Guangxi, Guizhoa, Henan,

Hubei, Hunan, Jiangsu, Liaoning, and Shandong. Guangxi and Guizhoa are located in

the south-west, Hunan and Hubei in the inland, Jiangsu in the southeast, and Henan,

Liaoning and Shandong are located in northern China. Average height varies significantly

across provinces. People from the northern provinces tend to be taller than people in

the south. This has been noted in research which compares the height of mainland

Chinese with Hong-Kong Chinese and finds that despite the better economic conditions

in Hong-Kong, northern mainland Chinese children are taller (Li et al., 1999). Note that

3Further details on the CHNS can be found on the Carolina Population Center web site at
http://www.cpc.unc.edu/china.
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most provinces included in the survey are at or below national average income level, the

exception being Jiangsu.

One of the unique features of this dataset is that it is a three-dimensional panel,

varying across individuals, households, and time periods. The panel is incomplete. First,

in each year some households and survey sites are dropped and new households and survey

sites added. In addition, Liaoning was dropped from the 1997 sample and an entire new

province, Heilongjiang, was added instead. Second, the number of individuals in each

household changed over the eight-year period because of births, deaths, marriages etc.

Our estimation strategy relies on using the children of famine survivors to control for

their parental genotypes. From each household in the CHNS we select a family unit which

consists of a mother, a father and at least one child living with his/her parents.4 We refer

to these individuals as the mother, the father and the child(ren). With this terminology,

the primary interest in this paper is to estimate the stunting effect of famine on the height

of the parents.

Our estimating strategy also relies on comparing a famine cohort with a non-famine

cohort. To define the famine cohort, one needs to understand the effect of famine on

different age groups and to select those age groups which were most severely affected as

the famine cohort. While we have no information on the age profile of those who died

during the Chinese famine, Salama et al. (2001) follow a sample of Ethiopians through a

short famine period (December 1999 to July 2000). They find that 80 percent of those

who died were children aged less than 14 years of age. Therefore the famine cohort in this

study is defined as people who were aged between zero and 14 when the famine struck.

That is, those who were born between 1948 and 1961.5

4The CHNS collects information about every individual living in each selected household at the time
of the survey. No information is collected for family members living outside the household.

5Clearly, stunting effects will vary across this age range. Hoddinott and Kinsey (2001) cite evidence
that growth faltering due to malnutrition tend to be most pronounced in children aged between 12 and
24 months.
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Table 1: Family Cohort Frequencies
Mother’s Father’s Cohort
Cohort 1938–1947 1948–1961 1962–1971 Total

Rural Population
1938–1947 316 15% 26 1% 0 0% 342 16%
1948–1961 167 8% 916 44% 28 1% 1111 53%
1962–1971 0 0% 124 6% 523 25% 647 31%
Total 483 23% 1066 51% 551 26% 2100 100%
Urban Population
1938–1947 141 15% 9 1% 1 0% 151 16%
1948–1961 79 8% 452 48% 6 1% 537 57%
1962–1971 0 0% 74 8% 176 19% 250 27%
Total 220 23% 535 57% 183 20% 938 100%

As the comparison group, the non-famine cohort is defined as those who were born up

to 10 years before the famine cohort (1938 to 1947) and up to 10 years after the famine

cohort (1962 to 1971). The control group is chosen so as to extract a reasonably sized

sample, while at the same time ensuring that it is close to the famine group in birth-years

in order to minimize the possible impact of economic growth on height. Since the famine

affected all of China, it is impossible to find a group of people whose genetic pool have not

in some generation been subject to famine, and therefore whose genes are not subject to

selection. However, since famine affects mostly the young and the duration of the famine

was short, the non-famine cohort’s genetic pool was subject to much less selection.6

It is well known that the death rate in rural areas was much higher than that in urban

areas during the famine (Lin and Yang, 2000), and we therefore carry out our analysis

separately for the rural and urban areas. However, people living in an urban area at

the time of the survey may have been in a rural area during the famine (and vice versa).

Substantial rural-urban migration could make inferences about the relative severity of the

famine on rural and urban populations difficult. Fortunately, the definition of “urban”

6Where our sample has three generations in a household, and all three generations are born after
1938, we discard the family unit where the parent is part of the non-famine cohort. If there is no such
choice, then we discard the younger family.
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and “rural” households in the CHNS is not based on the place of residence but on place

of birth. Thus, rural migrants are not included in the urban sample.7

Our final dataset, after selecting families with at least one child and parents in the

famine or non-famine cohorts and after excluding observations with missing information,

consists of 2,100 families in the rural sample and 938 families in the urban sample.

Table 1 provides a cross-tabulation of the famine and non-famine status of couples for

the rural sample (top panel) and urban sample (bottom panel). For the rural mothers,

53 percent of the sample is in the famine group, while 16 percent are born before the

famine and 31 percent after the famine. For the rural fathers, 23 percent are born before

the famine, 51 percent during the famine and 26 percent are born after the famine. The

numbers for urban sample are approximately the same. To check how representative our

sample is, we compared our sample with the 1995 Rural and Urban Household Income

Distribution Survey (RUHIDS95) for China. Our sample appears to contain a slightly

smaller proportion of individuals in the famine cohort and a larger proportion in the

non-famine cohort; most of the latter are born after the famine. Presumably the reason

for this skewness is that individuals born after the famine are more likely to have children

at home relative to the other two groups.

Summary statistics of the data are provided in Table 2. The average heights of the

rural and urban mothers are 154.9 and 156.6cm, respectively. For fathers, the rural-

urban height difference is slightly larger than 2cm. The urban sample would be expected

to be taller because of their relatively better economic conditions. The average ages

of rural and urban mothers and fathers are 37, 38, 39 and 40, respectively, which are

slightly younger than the RUHIDS95 sample averages. With regard to years of schooling,

however, our rural sample means seem to be slightly higher than the sample means from

7Between the late 1950s and the mid 1980s, the household registration system restricted labor mobility
and largely confined people to their birth places. Since the mid-1980s even though the restriction on
rural-urban migration has been relaxed, the definition of an individual’s rural/urban status has not
changed.
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Table 2: Summary Statistics
All Famine Non-Famine

Cohort Cohort
Mean SD Mean SD Mean SD
Rural Population

Mothers
Height (cm) 154.9 6.0 154.8 6.0 155.1 6.0
Age (years) 36.9 8.0 38.5 4.7 35.5 10.5
Schooling (years) 5.2 3.8 4.9 3.9 5.6 3.7
Fathers
Height (cm) 165.5 6.3 165.5 6.4 165.5 6.4
Age (years) 38.5 8.2 38.4 4.7 38.6 11.0
Schooling (years) 7.3 3.1 7.4 3.2 7.2 3.1
Children
Height (cm) 130.0 29.2
Age (years) 11.2 6.7
Males (%) 53

Urban Population
Mothers
Height (cm) 156.6 5.9 156.3 5.7 157.0 6.0
Age (years) 37.6 7.5 38.4 4.6 36.3 10.3
Schooling (years) 8.0 3.9 7.9 3.9 8.2 3.8
Fathers
Height (cm) 167.7 6.4 167.6 6.4 167.7 6.6
Age (years) 39.6 7.8 38.8 4.8 40.8 10.9
Schooling (years) 9.2 3.4 9.2 3.5 9.3 3.5
Children
Height (cm) 136.0 29.2
Age (years) 11.8 6.8
Males (%) 55

Averages over all respective individuals in all years with no adjustment
for the unbalanced sample.
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the RUHIDS95, while the urban sample means are much lower than those obtained from

the RUHIDS95 for reasons which are not clear to us. The children are 11–12 years of age

on average. Male children are more likely to live with their parents, which explains large

proportion of male children in the sample.

Comparing the famine and non-famine cohorts, there is hardly any height difference

for fathers in either the rural or urban areas. The age and education differences are also

negligible for fathers, except that the urban famine cohort is two years older than the

urban non-famine cohort. For mothers, the height difference between the famine and the

non-famine cohort is 3mm in the rural areas and 7mm in the urban areas. Mothers in

the famine cohort are also older and less educated than mothers in non-famine cohort in

both the rural and urban areas.

4 Preliminary Analysis

4.1 The Famine and Non-Famine Cohort Height Difference

Let hijt denote the height of the jth individual in the ith family in period t. Recall that

each family consists of a mother, a father, and one or more children. Accordingly, we

index the family members by j = m, f, 1, . . . , J , where J is the total number of children

observed to be living with their parents over the survey period.8 The time index refers

to the survey years t = 1989, 1991, 1993, 1997.9

The biological evidence (reviewed by Tanner, 1986) suggests that we may decompose

the height of an adult into environmental conditions during his/her growth phase and

8The order of the children is defined according to the birth-order of those children who live with their
parents in one or more of the survey years. Since some children may not live with their parents (e.g.
adult children), the order is not necessarily the birth-order within the total number of children in the
family. The maximum number of children observed in a family is six.

9The total number of children varies across families and not all families are surveyed in every period.
For simplicity we suppress these complications in the notation.
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genetic factors as

hijt = Fijαj + x′
ijtβj + gij + εijt, j = m, f, (1)

where αj and βj are unknown parameters, Fij is a famine dummy which is one if the

individual belongs to the famine cohort and zero otherwise, xijt is a vector of other

observed environmental factors, gij is the unobserved genotype of the individual, and εijt

is a residual representing unobserved environmental factors. The genotype is the genes

that an individual inherits from his/her parents which influence his/her height. We will

generally refer to gij as the genetic height of the individual. The environmental factors

include variables such as years of schooling, location of residence, and birth-year which is

used to capture the trend in economic development. Since height varies over the lifetime

of an individual, we also include age in xijt.

The stunting effect is the difference between what an individual’s height would have

been had he/she not been exposed to famine and his/her actual height. Mathematically,

we may define the stunting effect as

E(hijt|Fij = 1, xijt, gij) − E(hijt|Fij = 0, xijt, gij), j = m, f. (2)

In equation (1) the stunting effect is simply the parameter αj, and we expect αj < 0.

The selection effect of famine occurs when those who survive the famine tend to

be those who are genetically tall. If famine selects individuals on the basis of gij and

genetically shorter children are more likely to die we would expect

E(gij|Fij = 1, xijt) − E(gij|Fij = 0, xijt), j = m, f, (3)

to be positive. In equation (1) selection means that the unobserved genetic height gij
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Table 3: Mother’s Height and Father’s Height OLS Results
Rural Population Urban Population
Est SD t Est SD t

Mother in Famine −0.05 0.25 −0.19 −0.15 0.37 −0.41
Father in Famine −0.06 0.25 −0.25 0.00 0.40 0.00

Est, SD and t denote the parameter estimate, a robust estimate of its stan-
dard error and the t statistic. Separate regressions for the mother and
father. In addition to the famine dummy, the set of regressors include age,
birth-year, years of schooling, province dummies, year dummies for 1989
and 1997, and a constant. The complete estimation results are available
from the authors upon request.

is positively correlated with the famine dummy Fij. (Genetic height may be correlated

with other explanatory variables as well.) There is no single parameter in equation (1)

which summarizes the selection effect.

The main econometric challenge is to estimate αj when gij is correlated with the ex-

planatory variables and, in particular, with the famine dummy Fij. Simple estimation

methods such as OLS are inconsistent when unobserved components (gij + εijt) are cor-

related with the explanatory variables. A random effects approach is inappropriate for

the same reason. A fixed effects approach to (1) using only the information of parents

is also futile, because the famine dummy is time-invariant for any given individual, and

coefficients of time-invariant variables are not identified under the fixed effects assump-

tions. In Section 5 we describe how to use the height of the second generation to control

for the genotype of the first generation.

As a preliminary look at the data, we regress height on observed environmental factors

including famine dummies using OLS. The estimated coefficient of the famine dummy,

αj, is a measure of the average net height difference between the famine and non-famine

cohorts controlling for age etc. If there is no selection effect and the correlation between

the unobserved and the observed variables is negligible, then the estimate of αj would

be an estimate of the stunting effect of the famine. Selected estimates are reported for
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mothers and fathers separately in Table 3.10 The famine coefficient is insignificant for

both the urban and rural samples, suggesting that conditional on the other explanatory

variables, there is no difference in the average height between the famine and non-famine

cohorts. This implies either that the famine had no permanent impact on the famine

cohort or that the stunting and selection effects cancel each other out.

4.2 The Height of the Children

We now turn to a simple test for selection. The idea is to exploit the fact that children

inherit the genetic height of their parents, not the actual height. If the famine cohort is

genetically taller than the non-famine cohort, their children should be taller on average

as well.

The height of a child can be expressed similarly to the height of an adult as follows

hijt = x′
ijtβc + τmgim + τfgif + εijt, j = 1, . . . , J, (4)

where τm and τf are defined below and other variables and parameters have the same

interpretation as in equation (1). We exclude the parents’ famine dummies from the

children’s height equations, on the assumption that all children are exposed to the same

unobserved environmental influences given their age, birth-year etc. regardless of whether

their parents are in the famine cohort. That is, we allow for indirect effects through

xijt and gij, but we assume that whether or not a parent experienced famine during

his/her own childhood has no direct effect on their children’s height.11 According to

Ginsburg et al. (1998) the heritability of height is not perfect, and the exact inheritance

10Standard errors reported here and elsewhere are robust to heteroskedasticity and correlation across
individuals and across time within a family and to heteroskedasticity across families. It is assumed that
observations are independent across families.

11For example, we assume that parents in the famine cohort do not feed their children differently from
parents in the non-famine cohort. This assumption is not unreasonable given that the cohorts differ by
at most ten years.
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process is not well understood. For simplicity we assume a linear relationship in the

intergenerational transmission mechanism of genetic height, gij = τmgim + τfgif for j =

1, . . . , J , where τm and τf are unknown parameters with τm + τf = 1. Finally, as already

indicated in the notation in (4), we assume that the parameters are the same for all

children. To capture the effects of possible differential treatment, we include the birth-

order (j) and the total number of children in the family (J) in the explanatory variables.

Suppose there is linear mean relationship between the parents’ genetic heights on

the one hand and the famine dummies and the explanatory variables in the children’s

equation on the other hand,

E(gij|Fim, Fif , xikt) = Fimρjm + Fifρjf + xiktρjx, j = m, f, k = 1, . . . , J. (5)

Here ρmm and ρff represent the selection effects of famine and ρmf and ρfm represent

the effects of assortative mating based on height. The latter captures the well-known

positive correlation between the heights of married couples. The effects of selection and

of assortative mating behavior are entangled because persons in the famine cohort may

be stunted and hence more likely to marry persons who are (genetically) short. We return

to the issue of assortative mating later. Together (4) and (5) imply that

hijt = Fimα∗
m + Fifα

∗
f + x′

ijtβ
∗
c + ε∗ijt, j = 1, . . . , J, (6)

where α∗
m = τmρmm + τfρfm, α∗

f = τmρmf + τfρff , β∗
c = βc + τmρmx + τfρfx, and where

ε∗ijt is uncorrelated with the explanatory variables by construction. To check whether

children with parents in the famine cohort are taller, we test the null hypothesis that

α∗
m = 0 and α∗

f = 0 in (6).

This test is a test of selection if (5) is a valid representation of the conditional mean

of genetic heights and if the effects of assortative mating are negligible. We expect the
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linear model (5) to be a reasonable approximation to the true conditional mean, and we

expect assortative mating effects to be small under the null of no selection effects, since

the absence of selection implies absence of stunting by the results of the previous section.

The test is therefore informative about the selection effects of famine.

For children’s height to be a good measure of their genetic height, it is important to

control properly for their age. A preliminary data analysis suggested that the (population

average) height-age relationship for children is very well modeled using cubic splines

included in xijt. The definitions of the splines are given in Appendix A.1.

The top panel of Table 4 presents selected results from the OLS estimation of the

child-height equation (6). The t-statistics are not useful, because of multicolinearity

between Fim and Fif .
12 We therefore focus on an F -test of the joint significance of α∗

m

and α∗
f . For the rural sample, the F -test rejects the hypothesis that α∗

m = 0 and α∗
f = 0,

indicating a statistically significant selection effect. For the urban sample, the p-value

is 0.17 for the joint significance, and therefore the hypothesis of no selection cannot be

rejected. While the smaller size of the urban sample no doubt is part of the reason for the

insignificance, this result is consistent with other evidence given in the literature that the

famine had a more severe impact on the rural population than on the urban population

(Lin and Yang, 2000).

The magnitude of the estimates themselves is also reasonable. Suppose that assorta-

tive mating effects are negligible and that τm = τf = 1/2. The selection effects of famine

are then simply twice the estimates given in the table. For example, the average heights

of rural mothers and fathers are 0.94cm and 1.22cm taller because shorter persons did

not survive the famine.

In the late 1970s and early 1980s, the Chinese government introduced a “one-child”

policy, which was more strictly enforced in the urban areas. It is possible that urban

12There are relatively few marriages between members across famine and non-famine cohorts, see
Table 1.



16

Table 4: Children’s Height OLS Results
Rural Population Urban Population
Est SD t Est SD t

All Children
Mother in Famine 0.47 0.36 1.33 0.79 0.53 1.49
Father in Famine 0.61 0.36 1.69 0.19 0.58 0.33
F (p) 12.32 (0.00) 3.55 (0.17)
One Child
Mother in Famine 0.71 0.45 1.59 0.60 0.55 1.09
Father in Famine 0.71 0.46 1.53 −0.03 0.64 −0.05
F (p) 11.82 (0.00) 1.39 (0.50)

Est, SD and t denote the parameter estimate, a robust estimate of its
standard error and the t statistic. F and p denote the Wald statistic and
its p-value for the joint significance of mother’s and father’s famine cohort
dummies. The results for one child are based on all families, but only the
first child is used in the estimation. The full set of regressors included
famine dummies for the mother and the father, a four-parameter cubic
spline in age, a sex dummy and four interaction terms between sex and the
age spline, the child’s birth-year and birth-year squared, the mother’s and
father’s years of schooling, the total number of children in the family, the
birth-order of the child, province dummies, year dummies for 1989, 1993
and 1997, and a constant. The complete estimation results are available
from the authors upon request.

families with more than one child are older and a selected group. The decision to have

more than one child, against the official policy, is complex and we do not attempt to

model it here. To check the robustness of our conclusions we instead estimate equation

(6) on a restricted sample using only the first child in each family. The results, listed in

the second panel of Table 4, are consistent with those using all children. The p-value for

this restricted sample of the hypothesis α∗
m = α∗

f = 0 is 0.00 for the rural sample and

0.50 for the urban sample.

To summarize our preliminary results, Table 3 shows that there is little difference in

the average height for the famine and non-famine cohorts. This indicates that either the

stunting and selection effects are about equally strong, or both are nonexistent. Table 4

shows that there may be a strong selection effect in the rural areas. Together this suggest

that the stunting and selection effects may have been large in the rural areas, with stunting
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and selection approximately offsetting each other. For the urban areas, our estimates of

selection were not statistically significant. While this is consistent with the evidence that

the urban areas suffered less during the famine, it may also simply reflect the smaller

sample size. Given the insignificant results for the urban sample, we focus mainly on the

rural sample in the remainder of the paper.

5 Disentangling Stunting From Selection

5.1 Model

The main econometric problem is how to estimate the stunting effects, αm and αf in

equation (1), when selection induces correlation between the unobserved genetic height,

gij, and the famine dummy Fij.
13 In this section, we describe how to obtain consistent

estimates of αm and αf by utilizing the information provided by children’s height about

the genotype of their parents.

To combine the parent’s and their children’s information, we treat the equations which

determine the heights of each member of a family as a system. The model consists of the

height equations for all members of the family in all time periods. For a given family i

and time period t the equations are

himt = Fimαm + λmt + v′
imtδm + q′iγm + gim + εimt

hift = Fifαf + λft + v′
iftδf + q′iγf + gif + εift

hi1t = λct + v′
i1tδc + q′iγc + τfgif + τmgim + εi1t

...

hiJt = λct + v′
iJtδc + q′iγc + τfgif + τmgim + εiJt.

(7)

13The genetic height may also be correlated with other explanatory variables, for reasons unrelated to
famine.
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For reasons that will become clear shortly, we have split the vector of explanatory variables

xijt into three components: a time-specific constant, a vector vijt of variables which vary

across family members or time, and a vector qi of variables that do not vary across family

member or time. Accordingly, the parameter vector βj has been split into λjt, δj and γj.

Other variables are defined as before.

The variables included in qi are province dummies. The variables included in vijt

for the mother and father are age, birth-year, and years of schooling. (Because of the

colinearity between age, birth-year and the time-specific constant terms, one of the latter

is dropped.) The variables included in vijt for the children are the cubic spline in age

defined in Appendix A.1, sex, the cubic spline interacted with sex, mother’s and father’s

years of schooling, the total number of children observed in the family (J), the birth-order

(j), the child’s birth-year and birth-year squared, and the mother’s birth-year.

Assumptions made earlier are maintained, including the implicit assumption that ob-

servations are independent and identically distributed (iid) across families.14 In addition,

we now also assume strict exogeneity of the explanatory variables conditional on the

genetic heights (Chamberlain, 1982; Wooldridge, 2002, section 10.2.2),

E(εijt|{vijt : j = m, f, 1, . . . , J ; t = 1, . . . , T}, qi, Fim, Fif , gim, gif ) = 0,

j = m, f, 1, . . . , J. (8)

This assumption implies that the unobservable environmental effects on the height of

any family member are uncorrelated with the explanatory variables and with genetic

heights of that person and of other family members. Since εijt captures random events

and unmeasured environmental effects such as the effect of illnesses, the assumption

would be violated if such effects are correlated with the genetic heights. We believe

14The iid assumption concerns the sampling method and is satisfied for our data with the usual caveat
for survey non-response and attrition from the panel.
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it is at least approximately valid. Note that (8) does not rule out correlation between

observed environmental variables and genetic heights, nor does it rule out correlation and

heteroskedasticity in εijt across persons and across time.

For example, assumption (8) is consistent with complicated patterns of assortative

mating based on factors such as actual and genetic height, age, education etc. It is well

established that people tend to marry people of similar characteristics (Becker, 1973,

1974). In our model, assortative mating implies that the mother’s and the father’s ob-

served and unobserved variables (vijt, qi, gij, εijt) are expected to be positively correlated.

Thus, while there can be no direct effect, say, of the father’s stunting and selection ef-

fects on the mother’s height (and vice versa), there may be an indirect effect because of

assortative mating: a man who is stunted is more likely to marry a short woman, and

therefore more likely to marry a woman who is also stunted. Our model and estimation

methods are flexible enough to allow for such behavior.

Although not explicit in the notation, the model can accommodate unobserved (ad-

ditive) effects common to the members of each family other than genotype. With the

assumption that τm + τf = 1, such an effect can simply be subsumed into gim and gif .

For simplicity, we continue to refer to gim and gif as the genetic height of the parents.

Finally, we assume that τm and τf are known. This assumption greatly simplifies

the estimation problem, because the model is linear in the remaining parameters when

τm and τf are fixed. In most of the analysis we take τm = τf = 1/2. While we prefer

τm = τf = 1/2, we investigate the sensitivity of the estimates to this assumption in

Section 6.2.

Our model is somewhat more complicated than a standard panel data model. First

of all, we have a three dimensional panel (family, individual, time) rather than the usual

two-dimensional panel (group, time).15 Second, there are two unobserved family effects

15A single cross-section is sufficient for identification in our model. We use all available time periods
in order to reduce the influence of measurement errors and to increase the efficiency of the estimators.
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(gim, gif ) instead of one. Third, the parameters in (7) are time-invariant but vary across

individuals within a family, whereas in a standard panel data model the parameters

are the same for all observations within a group. In the following we describe how to

modify estimation procedures for standard panel data models to accommodate the special

features of our model.

5.2 Identification

The coefficients of explanatory variables that are constant within the family (time- and

family member-invariant) are not identified, because they are indistinguishable from the

unobserved genetic effects. This is a well-known phenomenon in panel data models.

Fortunately, these parameters are not of particular concern in this paper.16

Technically, the mother’s and father’s famine dummies are constant within the family.

The stunting effects, αm and αf , are identified because of the assumption that there is

no direct effect of the mother’s or the father’s cohort on the spouse’s height nor on their

children’s height.

Our assumptions also identifies the selection effects. The total height difference can

be decomposed into the stunting and the selection effects as

E(hijt|Fij = 1, xijt) − E(hijt|Fij = 0, xijt)

= αj + E(gij|Fij = 1, xijt) − E(gij|Fij = 0, xijt), j = m, f, (9)

using (2) and (3). Thus, the selection effects may be estimated by subtracting an estimate

of αj from an estimate of the left-hand side (which does not depend on unobserved

variables). We take a different approach here, however, and exploit the fact that our GMM

estimation procedure yields estimates of parameters which may be interpreted as selection

16The fact that the parameters in (10) are different for parents and children means that the differential
effects τmγm + τfγf − γc are identified. These effects are not interesting in the present context.
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effects provided the conditional mean of the genetic heights given the instruments is linear.

We return to this in the discussion of the GMM estimation procedure below.

5.3 Within-Group Estimator

In many panel data applications there is a single unobserved group effect which affects all

observations for the group in the same way. A single group effect can be eliminated from

the equation system by subtracting from each variable its group mean and applying OLS

to the resulting equations. This is the well-known within-group estimator (Hsiao, 1986,

chapter 3). Our model would have a single group effect if gim = gif , since τm + τf = 1

then implies gim = gif = gi1 = · · · = giJ . However, it is very unlikely that gim = gif would

hold for all families, if any at all. The standard within-group estimator therefore cannot

be used to estimate the parameters in (7) directly. However, it is possible to estimate the

stunting effects by applying the within-group estimator after first combining the mother’s

and father’s equations into a single parent equation.

Given fixed values of τf and τm, define hipt = τmhimt +τfhift and εipt = τmεimt +τfεift.

Model (7) then implies that

hipt = τmFimαm + τmλmt + τmv′
imtδm + τmq′iγm

+ τfFifαf + τfλft + τfv
′
iftδf + τfq

′
iγf + τmgim + τfgif + εipt

hi1t = λct + v′
i1tδc + q′iγc + τfgif + τmgim + εi1t

...

hiJt = λct + v′
iJtδc + q′iγc + τfgif + τmgim + εiJt.

(10)

Since the unobserved genetic heights enter each equation in (10) in the same form, namely

τfgif + τmgim, they will be eliminated by subtracting group means from all variables as

usual. The only cost of combining the parents’ equations is that the effect of age and
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birth-year are no longer separately identified for the mother and father, and this does not

affect the estimation of αm and αf .

5.4 GMM Estimator

It is unlikely that the within-group estimator is efficient.17 In many applications this is

not a serious problem. However, the stunting and selection effects of famine are likely

to be small relative to the overall variation in height, and efficiency may therefore be

an issue here. This leads us to our second estimation strategy, Generalized Method of

Moments or GMM.

Let zi be the vector of instruments obtained by stacking all explanatory variables and

adding a constant term,

zi =
(
1, v′

im1, . . . , v
′
imT , v′

if1, . . . , v
′
ifT , v′

i11, . . . , v
′
i1T , . . . , v′

iJ1, . . . , v
′
iJT , q′i, Fim, Fif

)′
. (11)

Let z̃i be a vector obtained by eliminating linear dependencies from zi. For example,

the age of a person at different points in time are linearly related. Let ṽi be the column

vector surviving the elimination of such dependent variables from the vijts, then z̃i =

(1, ṽ′
i, q

′
i, Fim, Fif )

′.

The assumption (8) implies that E (εijt|z̃i, gim, gif ) = 0 can be used for generating

moment conditions for GMM estimation. However, this equation cannot be used di-

rectly, since the genetic heights are unobserved and correlated with the instruments.

Following Chamberlain (1982) we capture the correlation between the unobserved ge-

netic heights and the explanatory variables using “nuisance” parameters.18 Let φj =

17See for example Wooldridge (2002, chapter 11.3) for a discussion. Another advantage of GMM over
the within-group estimator is that it is much less sensitive to measurement errors in the explanatory
variables (e.g. Hsiao, 1986, chapter 3.9; Ashenfelter and Krueger, 1994).

18The model can be thought of as an extension of Chamberlain’s 1982 model. Chamberlain’s assump-
tions are virtually identical to those made in this paper, but he considered a simple two-dimensional
panel with a single common unobserved effect, no time-invariant explanatory variables, and no time-
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(
λ0j, ζ

′
j, ξ

′
j, ρjm, ρjf

)′
be defined as the vector of coefficients obtained from projecting gij

linearly on z̃i. That is, define φj such that

gim = z̃′iφm = λ0j + ṽ′
iζ

′
j + q′iξ

′
j + Fimρmm + Fifρmf + ηim

gif = z̃′iφf = λ0j + ṽ′
iζ

′
j + q′iξ

′
j + Fifρff + Fimρfm + ηif .

(12)

By definition, ηim and ηif are (unconditionally) uncorrelated with z̃i. Substituting (12)

into (7) yields

himt = λmt + λ0mt + v′
imtδm + q′i (γm + ξm) + Fim (αm + ρmm) + Fifρmf + ṽiζm + ε̃imt

hift = λft + λ0ft + v′
iftδf + q′i (γf + ξf ) + Fif (αf + ρff ) + Fimρfm + ṽiζf + ε̃ift

hi1t = λ1t + τmλ0mt + τfλ0ft + v′
i1tδc + q′i (γc + τmξm + τfξf )

+ Fim (τmρmm + τfρfm) + Fif (τfρff + τmρfm) + τmṽ′
iζm + τf ṽ

′
iζf + ε̃i1t

...

hiJt = λJt + τmλ0mt + τfλ0ft + v′
iJtδc + q′i (γc + τmξm + τfξf )

+ Fim (τmρmm + τfρfm) + Fif (τfρff + τmρfm) + τmṽ′
iζm + τf ṽ

′
iζf + ε̃iJt

(13)

where ε̃imt = εimt + ηim, ε̃ift = εift + ηif and ε̃ijt = εijt + τmηim + τfηif .

Our assumptions imply that E(z̃′iε̃ijt) = 0 are satisfied for j = m, f, 1, . . . , J and t =

1, . . . , T , and these equations are essentially the moment conditions we use for the GMM

estimation. However, because of the proliferation of moment conditions as the number of

children increase (both the number of equations and the number of instruments increase

rapidly), it is not feasible to use the all children in the GMM estimation. In Section 6 we

present estimates using a maximum of one, two and three children. Section A.2 lists the

varying parameters of interest. It can also be shown that his minimum distance estimation procedure is
equivalent to the GMM procedure used here.
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instruments used in each case. Families with less than the maximum number of children

are included using the standard method for unbalanced panels.

It is clear from (13) that γm, γf , γc, ξm and ξf are not separately identified. This is a

consequence of the fact that qi is invariant within the family. As mentioned before, the

identification of αm and αf relies on our assumption that the famine dummies can be ex-

cluded from the spouse’s and the children’s equations. Given these exclusion restrictions,

the stunting effects (αm, αf ) and the nuisance parameters (ρmm, ρmf , ρfm, ρff ) can be

recovered from the six reduced form parameters (αm + ρmm, ρmf , αf + ρff , ρfm, τmρmm +

τfρfm, τmρmf + τfρff ).

The parameters ρmm and ρff can be interpreted as selection effects provided the

error terms in (12) satisfy E(ηij|z̃i) = 0 for j = m, f . No assumption about the true

relationship between gij on z̃i is embodied in (12). The parameters are defined such that

E(ηij z̃i) = 0. This is a weaker condition than E(ηij|z̃i) = 0. However, if E(ηim|z̃i) = 0

then the selection effect for mothers is

E(gim|ṽi, qi, Fim = 1) − E(gim|ṽi, qi, Fim = 0) = ρmm. (14)

The result for fathers is similar.

The estimates presented in Section 6 are two-stage estimates, where the weight matrix

in the first stage is
∑

i z̃iz̃
′
i and the usual estimate of the optimal weight matrix is used

in the second stage.
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6 Discussion

6.1 Results From the Rural Sample

It is possible that families with many children living at home are an unrepresentative

group. We therefore present estimates for models with four specifications related to the

number of children at home. In the first specification we use only one child (the first)

in each family. In the other specifications we use the first two children, the first three

children, and all children19. Families with fewer than the maximum number of children

are included using standard methods for unbalanced panels.

The estimated stunting and selection effects are presented in Table 5. Complete results

can be found in Tables 7 and 8 for the within-group and GMM estimates, respectively.

As indicated previously, not all structural parameters are separately identified and many

of the estimated coefficients are therefore not easily interpretable. The averaging of

parents’ height for the within-group estimates further complicates the issue by rendering

the parents age and birth-year effects unidentified. We therefore discuss both the within-

group and the GMM estimates of the stunting effects, but concentrate on the GMM

estimates when discussing other coefficients.

Before discussing the stunting estimates, it is useful to verify that other (GMM)

coefficient estimates are sensible (Table 8). Consider first the mother’s and father’s

equations. Older mother are taller as are later birth cohorts, although the birth-year

effect is not very robust and varies from 2 to 5mm per year depending on the number of

children used in the estimation. For fathers, the positive association between height and

age is not statistically significant, but a significant birth-year effect of 2mm per year is

observed.

As expected (Glewwe et al., 2001) years of schooling is positively associated with

19The “all children” specification is only used for the within-estimate. As the previous discussion
indicates, GMM is infeasible.
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height for both mothers and fathers. The coefficients range between 2 and 7mm per

year of schooling for mothers and between 0 and 4mm for fathers. For mothers this

estimate is statistically significant for the two-children and three-children specifications,

while for fathers it is only significant for the three-children specification. As the positive

correlation between education and height is observed after controlling for genes, we may

conclude that such a positive association is not genetic. One possible explanation for this

is that education and height are influenced by common variables such as socio-economic

conditions experienced early in life.

The year in which the measurements were taken is also significant with 1989 mea-

surements being taller than the 1993 measurements. The reason for these differences is

unclear.

Turning to the child-height equation, the effect of the number of children in the family

is significant and robust across the different specifications. An extra child in the family

reduces the height of all children by about 1cm, suggesting more children may diversify

parental care and reduce average nutritional intake. Although the order of the child is

tiny and insignificant in the GMM specification, it is statistically significant in the within-

group estimates, about −0.5cm. This finding is in keeping with other studies that find

that birth-order does matter (Horton, 1986).

Mother’s schooling shows a positive and statistically significant effect on the children’s

height, ranging between 1 and 4mm while father’s schooling is only statistically significant

in the three-child specification. This is consistent with previous studies of developing

countries which find that maternal education has a greater impact on child-height than

paternal education (Thomas, 1994).

Controlling for age, child’s height is positively correlated with the child’s birth-year

and squared birth-year, indicating the positive impact of economic development. The

significance of the squared birth-year suggests that the effect of economic development
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Table 5: Stunting and Selection Estimates for Rural Population
Mother Father Joint

Est SD t Est SD t F p
Estimates of Stunting Effects

Within-Group Estimates
One Child −1.36 0.84 −1.62 −1.22 0.86 −1.41 9.66 (0.01)
Two Children −1.00 0.69 −1.44 −1.22 0.69 −1.77 11.32 (0.00)
Three Children −1.20 0.65 −1.85 −0.71 0.65 −1.09 9.80 (0.01)
All Children −1.06 0.65 −1.62 −0.51 0.66 −0.78 7.09 (0.03)
GMM Estimates
One Child −1.48 0.71 −2.09 −1.33 0.75 −1.78 14.26 (0.00)
Two Children −1.12 0.52 −2.17 −1.15 0.53 −2.18 18.61 (0.00)
Three Children −1.48 0.45 −3.29 −0.61 0.45 −1.36 23.42 (0.00)

GMM Estimates of Selection Effects
One Child 0.93 0.74 1.26 1.18 0.77 1.54
Two Children 0.10 0.55 0.19 1.10 0.55 1.98
Three Children 0.65 0.47 1.40 0.52 0.46 1.14

The estimation results are based on all families, but only the first child in each family, the
first two children etc. are used as indicated. The complete estimation results are given in
Tables 7 and 8.

is nonlinear, relatively slow in the early part of the period and faster in the later part,

which is consistent with economic growth patterns in China. Child’s height is negatively

related to mother’s birth-year which indicates that, ceteris paribus, recent cohorts of

mothers have taller children. Since we are controlling for the birth-year of the child,

this effect may be associated with the age at which the woman gave birth. A negative

coefficient would imply that younger mothers tend to have taller children.

Since these estimates are reasonable, we now turn to the most important results from

these estimations: the stunting effects of famine presented in the top panel of Table 5.

The stunting effects for females are estimated to be between 1 and 1.5cm and for males

between 0.5 and 1.3cm. Tests of joint significance show them to be statistically significant

at the 1% confidence level.

Are our estimated stunting effects reasonable? Compared to the standard deviation of

adult height in our sample, the estimates seem very sensible. For example, the standard
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deviation of mother’s height is 6cm, while the estimated stunting effect for mothers in

the famine cohort is 1 to 1.5cm or about one fifth of one standard deviation. Although

nontrivial, this seems to be a relatively small effect. Since the immediate impact of

famine can be quite severe (Hoddinott and Kinsey, 2001), our results are consistent with

previous evidence that individuals who suffered nutritional deficiency in their childhood

often can catch-up (Golden, 1993; Tanner, 1986; Boersma and Wit, 1997). Our results are

inconsistent with complete catch-up, but the relatively small stunting estimates suggest

that partial catch-up did take place.

The estimates of the selection effects have the right sign and reasonable magnitudes.

For the mother, the estimate of ρmm is 0.93, 0.10 or 0.65cm depending on how many

children are used in the estimation. None of these numbers are statistically significant.

For the father, the estimate of ρff is between 1.18, 1.10 or 0.52cm. While only the 1.10

estimate is significant, they all have the right sign and are slightly larger than those for

the mother. Interestingly, the difference between the stunting and selection effects is

about -0.5 to -1.0cm for mothers, while for fathers they cancel almost exactly.

6.2 Sensitivity Analysis

While our estimates are fairly robust against the estimation strategy employed and the

specification with regard to how many children are included, concerns can be raised

against some of the assumptions. To estimate the effects of famine, it is vital that other

birth-year effects are properly taken into account. We include the birth-year of each

individual among the explanatory variables (and the squared birth-year for children)

in order to control for the effects of economic growth on the height of the population.

However, the late 1930s and 1940s were tumultuous decades for China. With World

War II, the Japanese occupation, and the Chinese civil war all occurring during this

short period of time, it is possible that the pre-famine cohort (individuals born before
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Within-Group Estimates GMM Estimates

Figure 1: Stunting Effects Plotted Against τm (Two Children, Rural Population)

1948) may also have experienced malnutrition and heightened mortality. To check the

robustness of our estimates, we reestimate the model (using both the within-group and

GMM estimators) excluding the pre-famine cohort. The estimated stunting effect for

females remain similar in size (between 0.7 and 1.9cm) while males’ stunting increased

to between 3 and 4cm. Tests of joint significant on this restricted sample show the

stunting to be statistically significant. This suggests that for the male cohorts at least,

the various wars that were being waged during the pre-famine group’s childhood may

also have effected the average height.

In the analysis above we have assumed τm = τf = 1/2, which is reasonable given that

there is no evidence in the literature to suggest that the genes of either parent are more

important in determining the height of their child. Nevertheless, it is useful to check how

sensitive our results are to this assumption.

Figure 1 shows the estimated stunting effects and 95% confidence bands plotted

against τm (with τf = 1 − τm). The two panels in Figure 1 present results for within-

group and GMM estimates using two children. The solid lines refer to the mother and

the dashed lines to the father. Figures for other estimates are similar.

The dominating feature in the figures is the exponential increase in the width of the
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confidence band for αj as τj approaches 0. This simply reflects the fact that αj is not

identified when τj = 0, because the height of the children are not informative about the

genes of the parent in this case.

The figures show that the stunting estimates are very robust to changes in τm and

τf . They hardly vary at all over the range 0.3 to 0.7, and even outside this interval

the variation is modest especially when the width of the confidence band is taken into

consideration. We conclude that the estimated stunting effects do not change greatly for

different values of τm and τf .

6.3 Results From the Urban Sample

The estimated stunting and selection effects for the urban sample are presented in Table 6,

and the full estimation results can be found in Tables 9 and 10. The general pattern of

effects, is similar to that observed in the rural population. The GMM estimates (Table 10)

show that adult male and female heights are positively associated with age, birth-year

and schooling. Children’s height is also positively associated with birth-year, mother’s

schooling and father’s schooling, and negatively associated with the number of children,

mother’s birth-year and the child birth-order.

With regard to the famine dummy variables the urban sample does not show the

consistent pattern of stunting that was found for the rural sample. None of the estimates

are jointly significant in the within-group estimates, while only the two-child and three-

child GMM estimates are jointly significant. The coefficients on the father’s famine

dummy for these two specifications are not robust, with an stunting estimate of −1cm

using one child and 1mm using three children. Mother’s stunting is estimated to be 1.2

to 2.3cm.

The estimates of ρmm and ρff are very close in absolute value to the estimated stunting

effects as was the case for the rural sample. Only the estimates for fathers using one child
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Table 6: Stunting and Selection Estimates for Urban Population
Mother Father Joint

Est SD t Est SD t F p
Estimates of Stunting Effects

Within-Group Estimates
One Child −1.84 1.20 −1.53 −0.67 1.29 −0.52 4.33 (0.11)
Two Children −1.71 1.10 −1.55 −0.83 1.16 −0.71 3.59 (0.17)
Three Children −1.39 1.13 −1.23 −0.78 1.17 −0.66 5.68 (0.06)
All Children −1.55 1.13 −1.38 −0.87 1.17 −0.75 4.48 (0.11)
GMM Estimates
One Child −2.21 0.94 −2.34 1.03 0.98 1.05 5.49 (0.06)
Two Children −2.33 0.63 −3.73 0.43 0.63 0.68 17.15 (0.00)
Three Children −1.16 0.44 −2.62 −0.06 0.50 −0.12 12.55 (0.00)

GMM Estimates of Selection Effects
One Child 2.02 0.87 2.33 −0.21 0.97 −0.21
Two Children 2.28 0.57 4.01 −0.33 0.58 −0.57
Three Children 1.33 0.38 3.51 0.02 0.43 0.04

The complete estimation results are given in Tables 9 and 10.

differ by a nontrivial amount, 0.8cm. For mothers, the estimates are large and significant,

ranging from 1.2 to 2.3cm. The estimates for fathers are smaller and insignificant (and

wrongly signed for estimates using one or two children).

The estimates of the stunting and selection effects for urban mothers are statistically

significant and sensible, though a bit large. In contrast, the estimates for urban fathers

are small, wrongly signed in some cases, and statistically insignificant. We are left with no

clear picture of whether there was stunting and selection amongst the urban population.

No doubt, the smaller size of the urban sample is a main reason for these inconclusive

results.

Earlier studies (Lin and Yang, 2000) have shown that the urban population was

exposed to the famine to a lesser degree and hence should have suffered less selection

and stunting effects. Our preliminary results have confirmed that there is no statistically

significant selection effect for the urban sample and our results here further confirm that

no consistent pattern of stunting and selection is observable from the urban sample.
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7 Conclusion

This paper addresses the issue of how to disentangle the stunting from the selection

effect of a famine. We show how to estimate the stunting and selection effects using the

children of famine and non-famine cohorts to control for selection. Our approach has the

advantage that it does not require data on those who did not survive the famine. Our

approach can therefore be implemented in situations where data are only available many

years after the population experienced famine.

Using the Chinese Health and Nutrition Survey data we study the consequences of the

Great Chinese Famine. We find that there is little difference between the overall stature

of the famine and non-famine cohorts, but that children of the famine cohort are taller

than children of the non-famine cohort. These preliminary findings are consistent with a

significant stunting effect being offset by an equal selection effect. Using the children to

control for selection, we confirm that the Chinese famine had a significant stunting effect

of about 1cm.

The results of this paper suggests interesting areas of further research. For exam-

ple, the disentanglement of the stunting and selection effects and the identification of

actual and genetic height provides an opportunity for furthering our understanding of

the correlation between height and productivity. One could ask whether the height and

productivity remain positively correlated once genetic height is controlled for. If not,

height must be a proxy for other factors related to genetic height.

The results found in this study also sound a cautionary note on the use of stature as

a measure of well-being. While stature undoubtedly has a crucial role to play in docu-

menting economic conditions in a historical or developing country setting, interpreting

trends in height must be undertaken in light of information on morbidity and mortality.
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A Technical Appendix

A.1 Children’s Age Splines

For children’s height to be a good measure of their genetic height, it is important to

control properly for their age. A preliminary data analysis suggested that the population

average height-age relationship for children is very well modeled using cubic splines. For

our final results we use
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These variables correspond to a cubic spline with knots at age 10 and 18, restricted to

be constant after age 18 and restricted to have a continuous first derivative. As defined

the variables are scaled to range between zero and one. In the estimation we allow for

different coefficients for boys and girls.

The splines capture the height-age relationship for children very well, as can be seen

in Figure 2 which shows the average age-specific height (circles) and the predicted values

obtained from regressing height on the four spline variables and a constant. The variabil-

ity in the age-specific averages for children in their twenties and thirties is due to small

sample sizes.
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Rural Girls Rural Boys

Urban Girls Urban Boys

Figure 2: Height-Age Profiles For Children

A.2 Instruments

The following variables are used as instruments for the GMM estimates based on the first

child only: constant, mother’s famine dummy, father’s famine dummy, province dummies,

mother’s age in 1997, total number of children observed in the family during 1989–1997,

mother’s maximum schooling, father’s age in 1997, father’s maximum schooling, age

of the first child in 1997 (A97), 1(A97 < 10), A97∗1(A97 < 10), 1(10 ≤ A97 < 18),

A97∗1(10 ≤ A97 < 18), sex of the first child, and the five age variables interacted with

sex. The GMM estimates based on two children uses additional 11 instruments: the

equivalent age and sex variables for the second child. The GMM estimates based on
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three children uses additional three instruments: the age of the third child in 1997, the

sex of the third child, and the interaction between age and sex.

In principle, the number of available moment conditions is number of equations times

number of instruments. However, since the panel is heavily unbalanced some conditions

are not useful. In order to reduce colinearity, moment conditions with few nonzero con-

tributions were dropped. The number of moments actually matched is indicated in the

tables.

A.3 Complete Within-Group and GMM Estimation Results

The following are tables of complete within-group and GMM estimates underlying the

summaries given in Tables 5 and 6.
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Table 7: Within-Group Estimation Results
Rural Population

One Child Two Children
Est SD t Est SD t

Parents’ Equation
Mother’s Birth-year 0.24 0.16 1.56 0.22 0.12 1.76
Mother’s Schooling 0.10 0.08 1.20 0.00 0.09 −0.02
Father’s Age 0.45 0.10 4.32 0.46 0.11 4.34
Father’s Birth-year 0.82 0.16 5.07 0.82 0.15 5.52
Father’s Year 1989 1.50 0.40 3.77 1.54 0.41 3.75
Father’s Year 1997 −1.98 0.56 −3.55 −1.99 0.57 −3.47
Father’s Schooling −0.10 0.08 −1.20 −0.06 0.09 −0.60
Mother in Famine −1.36 0.84 −1.62 −1.00 0.69 −1.44
Father in Famine −1.22 0.86 −1.41 −1.22 0.69 −1.77
Liaoning 1.04 0.64 1.64 1.01 0.58 1.76
Heilongjiang 2.57 1.03 2.49 3.15 0.96 3.30
Jiangsu 0.64 0.60 1.06 0.97 0.55 1.76
Shandong 0.68 0.65 1.05 1.18 0.60 1.97
Henan 0.73 0.60 1.22 0.67 0.54 1.24
Hubei 0.26 0.63 0.42 0.52 0.55 0.94
Guanxi 0.51 0.60 0.85 0.30 0.53 0.57
Guizhou 0.31 0.60 0.51 0.44 0.55 0.81
Children’s Equation
Age1 −146.62 15.16 −9.67 −139.57 11.72 −11.90
Age2 2.22 4.55 0.49 0.44 3.58 0.12
Age3 13.67 2.35 5.82 12.24 1.74 7.03
Age4 47.08 15.43 3.05 41.47 11.93 3.47
Sex 9.82 0.39 25.45 9.78 0.30 32.06
Age1∗Sex 177.51 20.80 8.53 183.57 15.39 11.93
Age2∗Sex −62.16 5.86 −10.60 −63.79 4.39 −14.54
Age3∗Sex −19.98 3.28 −6.10 −20.47 2.38 −8.60
Age4∗Sex −184.57 20.56 −8.98 −191.06 15.22 −12.55
Mother’s Schooling 0.11 0.05 2.10 0.07 0.05 1.37
Father’s Schooling −0.07 0.05 −1.32 −0.06 0.05 −1.09
Number of Children −0.82 0.19 −4.30 −0.83 0.17 −4.83
Birth-order −0.63 0.26 −2.48
Birth-year 0.46 0.13 3.70 0.39 0.09 4.44
Year 1989 1.78 0.44 4.07 1.37 0.37 3.72
Year 1993 0.72 0.25 2.89 0.72 0.21 3.36
Year 1997 0.70 0.48 1.47 0.97 0.42 2.32
Birth-year Squared 0.02 0.00 5.04 0.02 0.00 5.29
Constant 1008.80 174.49 5.78 993.34 144.21 6.89
F (p) 9.66 (0.01) 11.32 (0.00)

Continued next page.
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Three Children All Children
Est SD t Est SD t

Parents’ Equation
Mother’s Birth-year 0.18 0.11 1.62 0.17 0.11 1.64
Mother’s Schooling −0.03 0.09 −0.36 −0.05 0.09 −0.57
Father’s Age 0.47 0.11 4.42 0.47 0.11 4.42
Father’s Birth-year 0.84 0.15 5.77 0.84 0.15 5.80
Father’s Year 1989 1.58 0.41 3.83 1.53 0.41 3.70
Father’s Year 1997 −2.09 0.58 −3.62 −2.17 0.58 −3.74
Father’s Schooling −0.07 0.10 −0.69 −0.06 0.10 −0.58
Mother in Famine −1.20 0.65 −1.85 −1.06 0.65 −1.62
Father in Famine −0.71 0.65 −1.09 −0.51 0.66 −0.78
Liaoning 1.07 0.56 1.92 0.98 0.55 1.78
Heilongjiang 3.32 0.95 3.52 3.20 0.94 3.40
Jiangsu 1.14 0.53 2.16 1.09 0.52 2.09
Shandong 1.50 0.59 2.52 1.53 0.59 2.60
Henan 1.01 0.52 1.94 0.83 0.52 1.58
Hubei 0.77 0.52 1.46 0.73 0.51 1.44
Guanxi 0.29 0.50 0.58 0.22 0.49 0.46
Guizhou 0.48 0.52 0.91 0.40 0.51 0.78
Children’s Equation
Age1 −133.71 10.56 −12.66 −136.77 10.46 −13.07
Age2 −1.33 3.26 −0.41 −0.58 3.26 −0.18
Age3 11.56 1.57 7.37 12.00 1.55 7.73
Age4 35.34 10.79 3.28 38.39 10.71 3.58
Sex 9.68 0.29 33.04 9.70 0.29 33.23
Age1∗Sex 179.34 14.06 12.75 181.75 13.97 13.01
Age2∗Sex −62.39 4.01 −15.54 −63.14 3.98 −15.85
Age3∗Sex −20.16 2.16 −9.31 −20.38 2.15 −9.49
Age4∗Sex −186.10 13.97 −13.33 −188.64 13.89 −13.58
Mother’s Schooling 0.05 0.05 0.90 0.04 0.05 0.70
Father’s Schooling −0.05 0.05 −0.96 −0.03 0.06 −0.46
Number of Children −0.85 0.17 −5.13 −0.80 0.16 −4.85
Birth-order −0.56 0.19 −3.02 −0.44 0.17 −2.57
Birth-year 0.37 0.08 4.60 0.37 0.08 4.61
Year 1989 1.34 0.34 3.93 1.29 0.33 3.85
Year 1993 0.80 0.21 3.81 0.81 0.21 3.86
Year 1997 0.88 0.39 2.25 0.81 0.41 1.98
Birth-year Squared 0.02 0.00 5.02 0.01 0.00 4.64
Constant 971.56 135.13 7.19 970.18 133.47 7.27
F (p) 9.80 (0.01) 7.09 (0.03)

Est, SD and t denote the parameter estimate, a robust estimate of its standard error
and the t statistic. F and p denote the Wald statistic and its p-value for the joint
significance of mother’s and father’s famine cohort dummies. Due to colinearity the
following variables were dropped: mother’s age, mother’s year dummies, father’s year
1991, parents’ constant, mother’s cohort in children’s equation, children’s province
dummies.
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Table 8: GMM Estimation Results
Rural Population

One Child Two Children Three Children
Est SD t Est SD t Est SD t

Mother’s Equation
Mother in Famine −1.48 0.71 −2.09 −1.12 0.52 −2.17 −1.48 0.45 −3.29
ρmm 0.93 0.74 1.26 0.10 0.55 0.19 0.65 0.47 1.40
ρmf 0.64 0.31 2.04 0.95 0.27 3.54 0.84 0.24 3.48
Age 0.16 0.06 2.84 0.14 0.05 2.58 0.12 0.05 2.60
Birth-year 0.24 0.06 3.73 0.08 0.06 1.33 0.15 0.05 2.99
Year 1989 0.59 0.23 2.58 0.87 0.21 4.08 0.54 0.19 2.92
Year 1997 −0.42 0.31 −1.33 −0.37 0.29 −1.27 −0.31 0.26 −1.20
Schooling 0.16 0.11 1.45 0.67 0.12 5.53 0.17 0.08 2.07
Constant −321.57 127.22 −2.53 −12.97 120.26 −0.11 −152.12 101.89 −1.49
Liaoning 3.42 0.44 7.70 4.07 0.40 10.21 4.08 0.38 10.74
Heilongjiang 2.35 0.56 4.19 3.04 0.51 6.00 2.73 0.49 5.58
Jiangsu 1.18 0.45 2.65 1.78 0.39 4.54 1.73 0.37 4.69
Shandong 3.86 0.45 8.52 4.35 0.40 10.76 4.16 0.38 10.92
Henan 1.86 0.46 4.06 2.14 0.41 5.17 1.98 0.38 5.19
Hubei 0.19 0.41 0.45 0.54 0.37 1.47 0.29 0.33 0.87
Guanxi −2.02 0.45 −4.49 −1.64 0.41 −4.03 −1.64 0.37 −4.39
Guizhou −2.28 0.46 −4.92 −1.69 0.41 −4.16 −1.89 0.37 −5.09
Father’s Equation
Father in Famine −1.33 0.75 −1.78 −1.15 0.53 −2.18 −0.61 0.45 −1.36
ρfm 0.41 0.33 1.23 0.27 0.29 0.93 0.22 0.27 0.81
ρff 1.18 0.77 1.54 1.10 0.55 1.98 0.52 0.46 1.14
Age 0.09 0.06 1.60 0.10 0.05 1.85 0.09 0.05 1.77
Birth-year 0.22 0.07 3.44 0.24 0.06 4.11 0.17 0.05 3.23
Year 1989 0.46 0.24 1.93 0.49 0.21 2.30 0.50 0.20 2.53
Year 1997 −0.56 0.33 −1.69 −0.63 0.30 −2.12 −0.63 0.28 −2.24
Schooling −0.02 0.21 −0.10 −0.09 0.15 −0.63 0.38 0.12 3.17
Constant −276.28 128.52 −2.15 −301.17 114.18 −2.64 −177.40 105.51 −1.68
Liaoning 3.50 0.43 8.14 3.22 0.38 8.49 3.38 0.36 9.38
Heilongjiang 3.54 0.56 6.28 3.35 0.52 6.42 3.36 0.51 6.63
Jiangsu 1.87 0.46 4.05 1.92 0.41 4.74 1.76 0.38 4.62
Shandong 3.13 0.50 6.24 2.99 0.45 6.69 2.99 0.42 7.14
Henan 2.11 0.48 4.42 1.82 0.43 4.28 1.83 0.39 4.69
Hubei 0.43 0.45 0.95 0.44 0.39 1.13 0.20 0.35 0.56
Guanxi −0.90 0.48 −1.87 −1.12 0.43 −2.63 −1.15 0.39 −2.94
Guizhou −2.60 0.47 −5.53 −3.01 0.42 −7.13 −3.01 0.38 −7.97

Continued next page.
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One Child Two Children Three Children
Est SD t Est SD t Est SD t

Children’s Equation
Age1 −163.49 16.78 −9.75 −138.18 10.31 −13.40 −144.34 8.96 −16.10
Age2 7.53 5.07 1.49 0.19 3.22 0.06 1.15 2.79 0.41
Age3 16.99 2.58 6.58 12.65 1.51 8.40 13.66 1.32 10.39
Age4 66.85 17.06 3.92 42.51 10.59 4.01 47.28 9.20 5.14
Sex 10.11 0.39 26.17 9.78 0.26 38.22 9.56 0.22 43.27
Age1∗Sex 214.32 20.81 10.30 196.68 13.17 14.94 202.79 11.87 17.08
Age2∗Sex −72.04 5.96 −12.09 −67.30 3.82 −17.62 −68.81 3.43 −20.07
Age3∗Sex −26.55 3.19 −8.34 −23.04 1.96 −11.75 −23.96 1.78 −13.50
Age4∗Sex −220.58 20.73 −10.64 −204.05 13.11 −15.56 −209.57 11.83 −17.72
Mother’s Schooling 0.15 0.07 2.12 0.37 0.07 5.51 0.13 0.05 2.79
Father’s Schooling −0.05 0.11 −0.45 −0.11 0.08 −1.36 0.14 0.06 2.10
Number of children −1.00 0.18 −5.43 −0.97 0.14 −6.99 −0.98 0.11 −8.80
Birth-order −0.07 0.18 −0.37 0.01 0.11 0.08
Birth-year 0.22 0.09 2.54 0.18 0.06 3.21 0.22 0.05 4.66
Year 1989 1.12 0.38 2.91 0.92 0.25 3.72 0.88 0.20 4.33
Year 1993 0.80 0.22 3.72 0.80 0.16 4.95 0.59 0.13 4.38
Year 1997 1.36 0.50 2.72 1.34 0.33 4.05 0.81 0.28 2.89
Birth-year Squared 0.01 0.00 3.45 0.01 0.00 4.38 0.01 0.00 5.09
Mother’s Birth-year −0.08 0.05 −1.64 −0.09 0.03 −2.90 −0.07 0.02 −2.82
Constant 287.15 87.13 3.30 316.64 58.26 5.43 275.13 46.58 5.91
Liaoning 2.52 0.53 4.77 2.41 0.41 5.83 2.26 0.38 6.02
Heilongjiang 0.75 0.81 0.92 0.16 0.67 0.24 0.32 0.64 0.50
Jiangsu 1.07 0.52 2.06 0.89 0.42 2.14 0.86 0.36 2.36
Shandong 2.99 0.53 5.63 2.39 0.42 5.72 2.09 0.37 5.65
Henan 1.31 0.53 2.47 0.93 0.41 2.28 0.95 0.34 2.76
Hubei 0.17 0.49 0.34 −0.15 0.36 −0.42 −0.36 0.31 −1.17
Guanxi −1.66 0.50 −3.32 −1.36 0.39 −3.53 −1.49 0.33 −4.52
Guizhou −2.80 0.53 −5.27 −3.20 0.41 −7.89 −3.33 0.35 −9.52

Continued next page.
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One Child Two Children Three Children
Est SD t Est SD t Est SD t

ζm

A97 −0.04 0.06 −0.67 0.01 0.01 0.85 0.00 0.01 0.27
Sex∗A97 0.10 0.09 1.09 0.01 0.04 0.16 0.02 0.02 1.01
1(A97<10) −2.94 2.42 −1.21 −0.10 0.89 −0.11 −0.21 0.84 −0.24
Sex∗1(A97<10) 2.71 2.73 0.99 −0.15 1.48 −0.10 0.57 1.13 0.51
A97∗1(A97<10) 0.10 0.18 0.54 0.00 0.11 −0.04 0.02 0.10 0.21
Sex∗A97∗1(A97<10) −0.02 0.25 −0.09 0.10 0.15 0.66 0.01 0.14 0.05
1(10 ≤ A97<18)) −2.88 2.42 −1.19 −2.49 0.89 −2.79 −2.07 0.77 −2.68
Sex∗1(10 ≤ A97<18)) 1.99 2.77 0.72 1.34 1.64 0.82 1.27 1.17 1.08
A97∗1(10≤A97<18) 0.12 0.13 0.92 0.14 0.07 2.18 0.12 0.06 2.07
Sex∗A97∗1(10≤A97<18) −0.04 0.16 −0.25 −0.04 0.11 −0.36 −0.04 0.08 −0.47
Sex −2.30 2.15 −1.07 −0.31 0.98 −0.32 −0.43 0.40 −1.09
Father’s age in 1997 −0.01 0.04 −0.23 0.07 0.04 1.74 0.08 0.03 2.61
Father’s max schooling 0.22 0.05 4.69 0.22 0.04 5.37 0.24 0.04 6.30
Mother’s age in 1997 −0.02 0.05 −0.33 −0.17 0.05 −3.73 −0.10 0.04 −2.51
Mother’s max schooling 0.00 0.11 −0.02 −0.46 0.12 −3.78 0.03 0.08 0.41
Total children in family 0.04 0.15 0.28 0.13 0.13 0.99 0.07 0.12 0.59
ζf

A97 0.06 0.07 0.88 0.01 0.01 0.68 0.00 0.01 0.46
Sex∗A97 −0.04 0.10 −0.35 0.02 0.05 0.52 0.04 0.02 1.96
1(A97<10) −0.60 2.70 −0.22 −1.00 0.95 −1.05 −0.24 0.90 −0.27
Sex∗1(A97<10) −1.75 3.13 −0.56 0.11 1.58 0.07 0.01 1.18 0.00
A97∗1(A97<10) 0.05 0.21 0.26 0.04 0.12 0.33 −0.02 0.11 −0.20
Sex∗A97∗1(A97<10) 0.15 0.28 0.56 0.09 0.16 0.56 0.09 0.15 0.62
1(10 ≤ A97<18)) 0.02 2.60 0.01 −0.75 0.87 −0.87 −0.56 0.75 −0.75
Sex∗1(10 ≤ A97<18)) −3.34 3.05 −1.10 −1.09 1.65 −0.66 −1.37 1.18 −1.17
A97∗1(10≤A97<18) −0.04 0.14 −0.30 0.01 0.06 0.22 0.02 0.06 0.39
Sex∗A97∗1(10≤A97<18) 0.19 0.17 1.13 0.10 0.11 0.92 0.10 0.09 1.18
Sex 0.81 2.49 0.33 −0.87 1.07 −0.81 −0.88 0.37 −2.36
Father’s age in 1997 −0.16 0.05 −3.26 −0.13 0.04 −3.29 −0.16 0.03 −4.46
Father’s max schooling 0.24 0.21 1.18 0.29 0.15 1.96 −0.18 0.12 −1.48
Mother’s age in 1997 0.17 0.05 3.64 0.17 0.04 4.48 0.15 0.03 4.45
Mother’s max schooling 0.24 0.04 5.84 0.27 0.04 7.45 0.26 0.03 8.33
Total children in family 0.03 0.15 0.18 0.14 0.13 1.10 0.18 0.12 1.45
F (p) 14.26 (0.00) 18.61 (0.00) 23.42 (0.00)
Sargan Statistic 289.83 (0.00) 534.89 (0.05) 690.75 (0.17)
Equations 12 16 20
Instruments 27 38 41
Moment Conditions 312 578 750
Degrees of Freedom 219 484 656

Est, SD and t denote the parameter estimate, a robust estimate of its standard error and the t statistic. F
and p denote the Wald statistic and its p-value for the joint significance of mother’s and father’s famine cohort
dummies.
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Table 9: Within-Group Estimation Results
Urban Population

One Child Two Children
Est SD t Est SD t

Parents’ Equation
Mother’s Birth-year 0.00 0.17 0.01 −0.03 0.15 −0.22
Mother’s Schooling −0.03 0.15 −0.23 −0.07 0.16 −0.46
Father’s Age 0.16 0.16 1.03 0.23 0.16 1.43
Father’s Birth-year 0.70 0.24 2.96 0.90 0.23 3.86
Father’s Year 1989 −0.91 0.69 −1.32 −0.95 0.71 −1.34
Father’s Year 1997 −0.48 0.88 −0.55 −0.98 0.89 −1.10
Father’s Schooling −0.20 0.16 −1.26 −0.30 0.17 −1.69
Mother in Famine −1.84 1.20 −1.53 −1.71 1.10 −1.55
Father in Famine −0.67 1.29 −0.52 −0.83 1.16 −0.71
Liaoning −1.12 0.95 −1.18 −0.54 0.94 −0.57
Heilongjiang −0.67 1.00 −0.67 −0.14 0.93 −0.15
Jiangsu −0.75 0.84 −0.90 −0.64 0.76 −0.84
Shandong −0.13 1.00 −0.13 0.42 0.98 0.43
Henan −1.43 0.84 −1.71 −1.38 0.75 −1.85
Hubei −1.53 0.80 −1.91 −1.20 0.76 −1.59
Guanxi −2.40 1.08 −2.22 −2.04 1.02 −2.01
Guizhou −0.47 0.85 −0.56 −0.28 0.79 −0.36
Children’s Equation
Age1 −163.29 20.73 −7.88 −147.70 18.63 −7.93
Age2 7.62 6.39 1.19 3.78 5.71 0.66
Age3 13.62 3.35 4.06 11.74 2.94 4.00
Age4 57.68 21.20 2.72 44.80 18.99 2.36
Sex 11.54 0.55 21.05 11.29 0.51 22.04
Age1∗Sex 177.14 32.31 5.48 162.53 27.17 5.98
Age2∗Sex −64.54 9.19 −7.03 −59.80 7.75 −7.71
Age3∗Sex −20.37 5.06 −4.02 −19.16 4.26 −4.50
Age4∗Sex −185.99 32.14 −5.79 −171.06 26.98 −6.34
Mother’s Schooling −0.09 0.09 −1.05 −0.12 0.09 −1.37
Father’s Schooling −0.09 0.09 −1.00 −0.10 0.09 −1.06
Number of Children −1.14 0.37 −3.06 −1.12 0.36 −3.07
Birth-order −0.53 0.46 −1.14
Birth-year 0.61 0.13 4.60 0.56 0.11 5.03
Year 1989 2.79 0.87 3.20 2.52 0.72 3.49
Year 1993 0.48 0.40 1.20 0.51 0.38 1.33
Year 1997 −0.36 0.69 −0.52 0.02 0.65 0.04
Birth-year Squared 0.03 0.01 3.88 0.02 0.01 3.38
Constant 638.93 217.56 2.94 802.06 210.24 3.81
F (p) 4.33 (0.11) 3.59 (0.17)

Continued next page.
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Three Children All Children
Est SD t Est SD t

Parents’ Equation
Mother’s Birth-year −0.02 0.16 −0.15 −0.04 0.17 −0.27
Mother’s Schooling −0.03 0.16 −0.19 −0.04 0.16 −0.26
Father’s Age 0.25 0.16 1.52 0.24 0.16 1.48
Father’s Birth-year 0.94 0.24 4.01 0.91 0.24 3.88
Father’s Year 1989 −0.90 0.72 −1.26 −1.00 0.72 −1.39
Father’s Year 1997 −0.85 0.90 −0.94 −0.78 0.91 −0.87
Father’s Schooling −0.24 0.18 −1.30 −0.22 0.19 −1.15
Mother in Famine −1.39 1.13 −1.23 −1.55 1.13 −1.38
Father in Famine −0.78 1.17 −0.66 −0.87 1.17 −0.75
Liaoning −0.66 0.94 −0.70 −0.66 0.94 −0.70
Heilongjiang −0.17 0.94 −0.18 −0.19 0.94 −0.20
Jiangsu −0.66 0.77 −0.85 −0.68 0.77 −0.88
Shandong 0.60 0.98 0.62 0.62 0.98 0.63
Henan −1.58 0.74 −2.13 −1.65 0.75 −2.19
Hubei −1.33 0.75 −1.77 −1.33 0.75 −1.78
Guanxi −2.64 1.05 −2.52 −2.76 1.03 −2.67
Guizhou −0.48 0.80 −0.60 −0.53 0.80 −0.66
Children’s Equation
Age1 −132.54 20.45 −6.48 −134.81 20.13 −6.70
Age2 −1.77 6.45 −0.27 −1.38 6.35 −0.22
Age3 10.09 3.05 3.31 10.54 3.01 3.49
Age4 28.20 20.96 1.35 30.39 20.64 1.47
Sex 11.35 0.48 23.43 11.31 0.48 23.48
Age1∗Sex 157.75 27.53 5.73 158.34 27.46 5.77
Age2∗Sex −58.12 7.89 −7.36 −58.17 7.87 −7.39
Age3∗Sex −18.76 4.25 −4.41 −18.99 4.24 −4.48
Age4∗Sex −166.20 27.37 −6.07 −165.99 27.28 −6.08
Mother’s Schooling −0.09 0.09 −1.07 −0.10 0.09 −1.19
Father’s Schooling −0.06 0.10 −0.68 −0.05 0.10 −0.44
Number of Children −1.14 0.38 −3.02 −1.16 0.38 −3.09
Birth-order −0.60 0.38 −1.57 −0.38 0.38 −1.01
Birth-year 0.63 0.12 5.11 0.61 0.12 4.93
Year 1989 2.57 0.72 3.57 2.43 0.73 3.34
Year 1993 0.29 0.37 0.77 0.23 0.38 0.62
Year 1997 −0.18 0.61 −0.30 −0.18 0.60 −0.30
Birth-year Squared 0.02 0.01 3.55 0.02 0.01 3.70
Constant 851.28 230.08 3.70 804.96 229.98 3.50
F (p) 5.68 (0.06) 4.48 (0.11)

See table 7.
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Table 10: GMM Estimation Results
Urban Population

One Child Two Children Three Children
Est SD t Est SD t Est SD t

Mother’s Equation
Mother in Famine −2.21 0.94 −2.34 −2.33 0.63 −3.73 −1.16 0.44 −2.62
ρmm 2.02 0.87 2.33 2.28 0.57 4.01 1.33 0.38 3.51
ρmf 0.20 0.40 0.51 0.27 0.29 0.94 0.05 0.23 0.22
Age 0.04 0.08 0.51 −0.01 0.05 −0.21 0.07 0.03 2.13
Birth-year 0.09 0.08 1.11 0.01 0.06 0.18 0.13 0.04 3.62
Year 1989 −0.60 0.31 −1.93 −0.09 0.19 −0.46 −0.05 0.13 −0.41
Year 1997 −0.32 0.43 −0.74 −0.52 0.29 −1.81 −0.59 0.19 −3.07
Schooling 0.52 0.15 3.42 1.19 0.10 12.42 0.72 0.05 13.66
Constant −25.95 161.48 −0.16 126.21 117.98 1.07 −106.69 71.29 −1.50
Liaoning 3.21 0.68 4.73 3.29 0.56 5.85 3.32 0.51 6.46
Heilongjiang 2.05 0.70 2.95 2.26 0.59 3.84 2.12 0.52 4.08
Jiangsu 1.54 0.58 2.64 1.52 0.45 3.41 1.67 0.39 4.22
Shandong 3.23 0.60 5.41 3.33 0.38 8.72 3.47 0.29 12.04
Henan 1.87 0.53 3.50 1.74 0.40 4.34 1.95 0.33 5.89
Hubei −0.91 0.55 −1.66 −1.05 0.41 −2.56 −0.80 0.35 −2.30
Guanxi −2.51 0.68 −3.69 −2.58 0.52 −4.93 −2.25 0.44 −5.16
Guizhou −3.22 0.60 −5.41 −3.57 0.42 −8.53 −3.56 0.32 −11.10
Father’s Equation
Father in Famine 1.03 0.98 1.05 0.43 0.63 0.68 −0.06 0.50 −0.12
ρfm −0.91 0.49 −1.88 −0.54 0.35 −1.54 −0.23 0.27 −0.88
ρff −0.21 0.97 −0.21 −0.33 0.58 −0.57 0.02 0.43 0.04
Age 0.09 0.08 1.13 0.08 0.05 1.57 0.08 0.04 2.20
Birth-year 0.28 0.09 3.21 0.28 0.06 4.71 0.28 0.04 6.39
Year 1989 −0.70 0.38 −1.87 −0.26 0.22 −1.21 0.06 0.16 0.40
Year 1997 −0.31 0.45 −0.69 −0.09 0.31 −0.29 0.05 0.23 0.24
Schooling −0.26 0.25 −1.03 −0.05 0.07 −0.80 0.27 0.05 5.98
Constant −386.67 174.53 −2.22 −378.38 117.06 −3.23 −377.90 85.82 −4.40
Liaoning 3.06 0.81 3.77 1.97 0.63 3.15 2.30 0.54 4.25
Heilongjiang 1.83 0.76 2.41 0.97 0.63 1.55 0.87 0.55 1.59
Jiangsu 2.08 0.62 3.37 1.69 0.44 3.86 1.86 0.37 5.08
Shandong 3.55 0.59 6.04 3.16 0.42 7.53 3.24 0.34 9.54
Henan 0.65 0.68 0.96 0.26 0.47 0.56 0.49 0.39 1.26
Hubei 0.15 0.67 0.22 −0.65 0.46 −1.42 −0.05 0.37 −0.13
Guanxi −3.29 0.78 −4.24 −2.98 0.55 −5.44 −2.43 0.45 −5.40
Guizhou −2.88 0.66 −4.36 −3.56 0.43 −8.36 −3.32 0.34 −9.78

Continued next page.
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One Child Two Children Three Children
Est SD t Est SD t Est SD t

Children’s Equation
Age1 −195.97 21.86 −8.96 −163.41 11.40 −14.33 −157.75 7.38 −21.37
Age2 17.64 6.82 2.58 6.50 3.55 1.83 6.18 2.34 2.64
Age3 17.02 3.49 4.88 9.52 1.61 5.91 7.62 1.07 7.13
Age4 92.17 22.39 4.12 63.23 11.77 5.37 60.03 7.69 7.81
Sex 11.77 0.52 22.68 11.08 0.31 36.03 10.74 0.17 61.96
Age1∗Sex 176.00 29.89 5.89 102.40 16.90 6.06 36.09 10.62 3.40
Age2∗Sex −65.78 8.54 −7.70 −45.21 4.86 −9.31 −27.27 3.05 −8.93
Age3∗Sex −16.14 4.70 −3.43 −0.51 2.52 −0.20 10.85 1.60 6.78
Age4∗Sex −185.71 29.58 −6.28 −124.41 16.82 −7.40 −60.72 10.61 −5.72
Mother’s Schooling 0.17 0.09 1.80 0.48 0.06 8.36 0.23 0.03 7.03
Father’s Schooling −0.11 0.14 −0.80 −0.02 0.05 −0.31 0.17 0.03 5.18
Number of children −1.30 0.32 −4.11 −1.46 0.18 −8.03 −1.14 0.11 −9.99
Birth-order 0.11 0.19 0.61 −0.50 0.09 −5.69
Birth-year 0.40 0.11 3.56 0.55 0.06 8.55 0.60 0.03 17.51
Year 1989 1.45 0.56 2.60 4.02 0.25 15.86 4.09 0.18 22.12
Year 1993 0.41 0.31 1.35 0.12 0.17 0.66 0.36 0.09 3.76
Year 1997 −0.71 0.67 −1.07 −1.24 0.37 −3.40 −0.71 0.21 −3.36
Birth-year Squared 0.02 0.01 3.37 0.02 0.00 8.97 0.02 0.00 13.28
Mother’s Birth-year 0.01 0.06 0.11 −0.01 0.04 −0.18 −0.08 0.02 −3.99
Constant 115.72 116.47 0.99 127.97 74.37 1.72 270.84 39.29 6.89
Liaoning 4.35 0.77 5.69 3.72 0.55 6.75 4.60 0.46 9.97
Heilongjiang 2.29 0.78 2.95 1.58 0.56 2.84 1.43 0.50 2.85
Jiangsu 2.76 0.73 3.78 2.47 0.45 5.43 2.76 0.35 7.79
Shandong 3.71 0.82 4.51 3.06 0.42 7.24 2.86 0.30 9.70
Henan 2.97 0.71 4.16 2.34 0.43 5.46 2.71 0.28 9.56
Hubei 1.30 0.69 1.87 0.41 0.42 0.98 0.97 0.27 3.63
Guanxi −0.41 0.85 −0.48 −0.02 0.57 −0.04 0.61 0.40 1.54
Guizhou −2.51 0.67 −3.75 −2.82 0.36 −7.73 −2.71 0.27 −10.17

Continued next page.
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One Child Two Children Three Children
Est SD t Est SD t Est SD t

ζm

A97 0.02 0.09 0.28 −0.05 0.02 −2.94 0.00 0.01 0.17
Sex∗A97 0.03 0.12 0.21 0.05 0.05 1.07 0.01 0.01 0.63
1(A97<10) 2.11 2.52 0.84 1.05 0.67 1.56 1.41 0.57 2.45
Sex∗1(A97<10) 0.08 3.62 0.02 −1.55 1.46 −1.06 −1.71 0.85 −2.01
A97∗1(A97<10) −0.28 0.18 −1.54 −0.13 0.09 −1.45 −0.20 0.07 −2.68
Sex∗A97∗1(A97<10) 0.26 0.29 0.88 0.35 0.14 2.50 0.31 0.12 2.64
1(10 ≤ A97<18)) 3.87 2.92 1.32 3.81 0.89 4.27 4.21 0.62 6.78
Sex∗1(10 ≤ A97<18)) 3.41 3.82 0.89 1.22 1.77 0.69 0.07 0.95 0.07
A97∗1(10≤A97<18) −0.22 0.17 −1.34 −0.25 0.07 −3.72 −0.28 0.05 −5.95
Sex∗A97∗1(10≤A97<18) −0.19 0.22 −0.86 −0.13 0.11 −1.20 −0.07 0.07 −1.01
Sex −1.34 2.91 −0.46 −0.71 1.17 −0.60 0.32 0.28 1.12
Father’s age in 1997 0.05 0.06 0.83 0.10 0.04 2.61 0.08 0.03 2.49
Father’s max schooling 0.17 0.06 2.94 0.18 0.04 4.45 0.16 0.03 4.82
Mother’s age in 1997 0.01 0.07 0.12 −0.04 0.06 −0.76 −0.02 0.04 −0.59
Mother’s max schooling −0.39 0.15 −2.67 −1.06 0.10 −11.08 −0.59 0.05 −11.31
Total children in family −0.34 0.24 −1.42 0.10 0.22 0.46 −0.49 0.18 −2.81
ζf

A97 0.12 0.08 1.49 −0.08 0.01 −5.30 −0.04 0.01 −3.40
Sex∗A97 −0.23 0.13 −1.72 0.19 0.05 3.54 0.15 0.02 9.71
1(A97<10) 6.21 2.79 2.23 −2.71 0.56 −4.87 −2.69 0.44 −6.11
Sex∗1(A97<10) −7.33 3.70 −1.98 2.10 1.51 1.39 1.56 0.86 1.82
A97∗1(A97<10) −0.23 0.22 −1.05 0.25 0.08 3.11 0.20 0.07 3.01
Sex∗A97∗1(A97<10) 0.38 0.30 1.27 0.00 0.15 −0.01 0.05 0.12 0.45
1(10 ≤ A97<18)) 8.18 3.06 2.68 0.97 1.03 0.95 0.27 0.75 0.36
Sex∗1(10 ≤ A97<18)) −6.02 4.08 −1.47 0.62 1.87 0.33 0.88 1.15 0.77
A97∗1(10≤A97<18) −0.36 0.18 −2.00 −0.06 0.08 −0.80 −0.03 0.06 −0.60
Sex∗A97∗1(10≤A97<18) 0.28 0.24 1.16 −0.01 0.12 −0.11 −0.04 0.08 −0.53
Sex 5.81 3.11 1.87 −3.58 1.24 −2.89 −2.90 0.29 −10.03
Father’s age in 1997 0.07 0.06 1.14 0.01 0.04 0.34 −0.06 0.03 −2.24
Father’s max schooling 0.36 0.25 1.41 0.16 0.08 2.17 −0.17 0.06 −3.04
Mother’s age in 1997 0.23 0.06 3.72 0.17 0.04 4.15 0.16 0.03 5.40
Mother’s max schooling 0.30 0.06 5.33 0.29 0.04 8.00 0.28 0.03 10.21
Total children in family −0.68 0.24 −2.85 −0.13 0.20 −0.66 −0.19 0.18 −1.04
F (p) 5.49 (0.06) 17.15 (0.00) 12.55 (0.00)
Sargan Statistic 195.63 (0.69) 450.73 (0.44) 569.21 (0.14)
Equations 12 16 20
Instruments 27 38 41
Moment Conditions 299 541 628
Degrees of Freedom 206 447 534

Est, SD and t denote the parameter estimate, a robust estimate of its standard error and the t statistic. F
and p denote the Wald statistic and its p-value for the joint significance of mother’s and father’s famine cohort
dummies.
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